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Abstract—A robotic system for harvesting tomatoes in green-
houses is designed. Effective recognition of ripen tomatoes from
complex background is the key technology of the harvesting
robotic system. In this work, the color feature of ripen tomatoes is
employed. The ripen tomato is segmented by K-means clustering
using the L*a*b* color space. To extract a single integrity ripen
tomato, mathematical morphology method is used to denoise
and handle the situations of tomato overlapping and shelter.
Experimental results show the effectiveness of the proposed
method.

Index Terms—tomato recognition; harvesting robot; K-means
clustering; mathematical morphology

I. INTRODUCTION

Agriculture product harvesting in greenhouses is a time
consuming task for farmers. Many researches have been done
to assist farmers’ harvesting tasks. The development of robot
system that enables harvesting autonomously has thus received
considerable attention in the last decades. The use of robots to
pick tree fruit was first proposed by Schertz and Brown in 1968
[1]. Kondo et al. [2], Hayashi and Sakaue [3] and Arima and
Kondo [4] reported research prototypes of picking robots for
tomatoes and cucumbers. The recently research on autonomous
robots picking system have been addressed by Van Henten et
al. [5]. The difficulties of picking robots system is the line-of-
sight approach to fruit picking. that is, (1) to visually locate the
fruit with an optical sensor; (2) to guide the fruit detachment
device along the line of sight to the fruit; (3) to actuate the
device when the fruit is contacted.

Our tomato picking robot is designed to pick up the ripe
tomato in the green house without human intervention. A three
dimensional movement robotic arm with a hand system is
used as a mechanical system. The hand system is composed a
scissor, a CCD camera and a laser sensor. To pick up the ripe
tomato without human intervention the ripe tomato should be
recognized and the accurate three dimensional coordinate of
ripe tomato are required. With the accurate three dimensional
coordinate and the size of tomato the robotic arm can be
controlled to pick up the ripe tomato. In this paper, works
are focus on the tomato recognition and extraction.

Image segmentation technology as an important object
recognition method is uses to simplify and/or change the repre-
sentation of an image into something that is more meaningful
and easier to analyze [6]. The result of image segmentation

is a set of regions that collectively cover the entire image,
or a set of contours extracted from the image. Each of the
pixels in a region are similar with respect to some characteristic
or computed property, such as color, intensity, or texture [7].
Adjacent regions are significantly different with respect to the
same characteristic. In this work, color feature is employed for
ripe tomato segmentation. The ripe tomato are segmented by
K-means clustering using the L*a*b* color space. To extract
single integrity ripe tomato, mathematical morphology method
is used to denoise and handle the conditions of tomato light
overlapping and shelter.

The paper is organized as follows. Section 2 presents the
proposed ripe tomato segmentation algorithm. And Section 3
describes the approach of single integrity ripe tomato extrac-
tion. Computer simulation and results analysis are presented
in Section 4. Concluding remarks are given in Section 5.

II. RIPEN TOMATO SEGMENTATION

Several general-purpose algorithms and techniques have
been developed for image segmentation, such as the clustering
methods, the Histogram-based methods, the edge detection
methods, the level set methods, the watershed transformation,
model based segmentation, and neural network segmentation
[6], [7], [8], [9]. But there is no general solution to the
image segmentation problem, these techniques often have to
be combined with domain knowledge in order to effectively
solve an image segmentation problem for a problem domain.

In the practical applications of ripe tomato segmentation,
dozens of tomato’s images are taken in the green house. The
typical image with ripe tomato shows as Fig. 1. From this
image we can figure out that there are three main color sets
regardless the lightness. The ripe tomato color is red; the unripe
tomato, leaves and stalks color is green and the background
color of green house is gray. A L∗a∗b∗ color space is a
color-opponent space with dimension L for lightness, a∗ and
b∗ for the color-opponent dimensions, based on nonlinearly-
compressed CIE XYZ color space coordinates [10]. K-means
clustering algorithm can be employed to cluster the tomato
image to three different classifications based on the a∗ and
b∗ color component which regardless with lightness. The
classification including the red color can be considered as the
candidate ripe tomato. Fig. 2 is the flow diagram of ripe tomato
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Fig. 1. A typical image of ripe tomatoes.
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Fig. 2. Flow diagram of ripe tomato segmentation.

segmentation.

A. L∗a∗b∗ Color Space

Lab color space is a color-opponent space with dimension
L for lightness and a and b for the color-opponent dimen-
sions, based on nonlinearly-compressed CIE XYZ color space
coordinates [10]. Unlike the RGB and CMYK color models,
L∗a∗b∗ color is designed to approximate human vision. It
aspires to perceptual uniformity, and its L component closely
matches human perception of lightness. It can thus be used to
make accurate color balance corrections by modifying output
curves in the a and b components, or to adjust the lightness
contrast using the L component [10] [11]. There are no simple
formulas for conversion between RGB and L∗a∗b∗, because
the RGB is a device dependent. The RGB first needs to be

transformed to a specific absolute color space, such as sRGB or
Adobe RGB. This adjustment will be device dependent, but the
resulting data from the transform will be device independent,
allowing data to be transformed to the CIE 1931 color space
and then transformed into L∗a∗b∗.

Step1. The Transformation from sRGB color space to CIE
XYZ color space Assuming the sRGB component values
Rsrgb, Gsrgb, Bsrgb are in the range 0 to 1. (A range of 0
to 255 can simply be divided by 255). The formulas transform
sRGB color space to CIE XYZ color space can be expressed
as ⎛

⎝X
Y
Z

⎞
⎠ =

⎛
⎝0.4124 0.3576 0.1805

0.2126 0.7152 0.0722
0.0193 0.1192 0.9505

⎞
⎠

⎛
⎝Rlinear

Glinear

Blinear

⎞
⎠ . (1)

Step 2. The Transformation from CIE XYZ color space
to CIE L∗a∗b∗ color space The formulas transform can be
expressed as

L∗ =116f(Y/Yn) − 16
a∗ =500[f(X/Xn) − f(Y/Yn)]
b∗ =200[f(Y/Yn) − f(Z/Zn)]

. (2)

where function f(t) is defined as

f(t) =

{
t1/3, t > (6/29)3,
1
3 ( 29

6 )2t + 4
29 , otherwise,

(3)

and Xn, Yn and Zn are the CIE XYZ tri-stimulus values of
the reference white point.

The typical image with ripe tomato Fig. 1 can be transform
to L∗a∗b∗ color space using above formula. Fig. 3 (a) is the L
component of tomato image Fig. 3 (b) is the a component of
tomato image. Fig. 3 (c) is the b component of tomato image
and Fig. 3 (d) is the a and b components of tomato image.
From the Fig. 3 we can clearly figure out that regardless the
lightness, there are three main color clusters. The red cluster
can be considered as ripe tomato candidate area.

B. Color-based Segmentation Using K-means Clustering

1) K-means Clustering: The k-means algorithm is an algo-
rithm to cluster n objects based on attributes into k partitions,
k < n [12]. It is similar to the expectation-maximization
algorithm for mixtures of Gaussians in that they both attempt
to find the centers of natural clusters in the data. It assumes
that the object attributes form a vector space. The objective it
tries to achieve is to minimize total intra-cluster variance, or,
the squared error function,

E =
k∑

i=1

∑
xj∈Si

(xj − μi)2, (4)

where there are k clusters Si, i = 1, 2, · · · , k and μi is the
centroid or mean point of all the points xj ∈ Sj .

The steps of the proposed algorithm are as follows.

• Choose the number of clusters, k.
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(a) (b)

(c) (d)

Fig. 3. The different component image under L∗a∗b∗ color space. (a) The
L component image; (b) The a component image; (c)The b component image;
(d) The ab components image.

• Randomly generate kclusters and determine the cluster
centers, or directly generate k random points as cluster
centers.

• Assign each point to the nearest cluster center.
• Recompute the new cluster centers.
• Repeat the two previous steps until some convergence

criterion is met.

A drawback of the k-means algorithm is that the number
of clusters k is an input parameter. An inappropriate choice of
k may yield poor results. The algorithm also assumes that the
variance is an appropriate measure of cluster scatter.

2) Proposed ripe tomato segmentation algorithm: Clus-
tering is a way to separate groups of objects from complex
background. K-means clustering treats each object as having
a location in space. It finds partitions such that objects within
each cluster are as close to each other as possible, and as far
from objects in other clusters as possible. From the analysis
in section 2.1, we know the typical image with ripe tomato
can be separate to three groups by the a∗ and b∗ values. So
three clusters to be partitioned and Euclidean distance metric
is used as to quantify how close two objects are to each other.
The proposed segmentation algorithm flow diagram show as
Fig. 4.

For every tomato image inputed, k-means clustering algo-
rithm returns an index corresponding to a cluster. The cluster
center output from k-means clustering algorithm will be used
later in this work. Label every pixel in the image with its
cluster index. The labeled cluster index image shown as Fig.
5 (a). Using pixel-labels, objects can be separated by color,
which will result in three images as Fig. 5 (b), Fig. 5 (c), Fig.
5 (d).

Find the image that contains the red component as the area
of ripe tomato. Notice that there are dark and light red objects

Choose the red component as

the ripe tomato candidate then

turn to BW image

Classify the colors in L*a*b* color

space using K-means clustering

Label every pixel in the image

using the results from k-means

Create images that segment the 

image by color

Fig. 4. Flow diagram of ripe tomato segmentation.

(a) (b)

(c) (d)

Fig. 5. The segmentation results based on proposed approach. (a) The labeled
cluster index image; (b) The objects in cluster 1; (c) The objects in cluster 2;
(d) The objects in cluster 3.

in this image. Recall that the L∗ layer contains the brightness
values of each color. The cluster-center contains the mean
a∗ and b∗ value for each cluster. Hundreds ripe tomato color
sample have been researched. Regardless the brightness values,
the ripe tomato’s a∗ value is included in set (196, 146), b∗ value
is included in set (188, 132). Take the cluster which cluster-
center value included in the statistical ripe tomato color set
as the candidate ripe tomato area. Then turn the cluster image
with ripe tomato into the binary image, show as Fig. 6.
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Fig. 6. The binary image of a segmented ripe tomato.

III. THE EXTRACTION OF SINGLE INTEGRITY RIPE TOMATO

A. Mathematical morphology

Mathematical morphology (MM) is a theory and technique
for the analysis and processing of geometrical structures, based
on set theory, lattice theory, topology, and random functions
[13]. MM is most commonly applied to digital images, but
it can be employed as well on graphs, surface meshes, solids,
and many other spatial structures [14]. The basic operations are
shift-invariant operators strongly related to Minkowski addition
and subtraction. Let E be a Euclidean space or an integer grid,
and A be a binary image in E.

• Erosion
The erosion of the binary image A by the structuring
element B is defined by:

A � B = z ∈ E | Bz ⊆ A, (5)

where Bz is the translation of B by the vector z. When
the structuring element B has a center, and this center is
located on the origin of E, then the erosion of A by B
can be understood as the locus of points reached by the
center of B when Bmoves inside A.

• Dilation
The dilation of A by the structuring element B is defined
by

A ⊕ B =
⋃
B

Ab. (6)

If B has a center on the origin, as before, then the dilation
of A by B can be understood as the locus of the points
covered by B when the center of B moves inside A.

• Opening The opening of A by B is obtained by the
erosion of A by B, followed by dilation of the resulting
image by B can be denotes as

A ◦ B = (A � B) ⊕ B. (7)

The opening is also given by A◦B =
⋃

Bx⊆A Bx, which
means that it is the locus of translations of the structuring
element B inside the image A.

Create a flat disk-shaped structuring

element with the specified radium M

Oping operation

Including “1” ?

It is single tomato

M = M-1

Yes

No

Fig. 7. Flow diagram of single integrity ripe tomato extraction.

• Closing
The closing of A by B is obtained by the dilation of A
by B, followed by erosion of the resulting structure by
B:

A • B = (A ⊕ B) � B. (8)

The above means that the closing is the complement of the
locus of translations of the symmetric of the structuring
element outside the image A.

B. Proposed tomato extraction method

Using proposed ripe tomato segmentation algorithm, the
results of the input tomato image are a group of tomatoes. But
tomato picking robot is supposed to pick up the ripe tomato
one by one. Extract the single integrity ripe tomato and get the
tomato’s center coordinate in the image is the key technology
for tomato picking robot. Mathematical morphology method
is used to separate the adhered ripe tomatoes and the biggest
tomato area will be extracted as the fist pick up tomato. The
algorithm flow is shown as Fig. 7.

Because of the tomato’s shape is circle is the image. A
flat disk-shaped structuring element with the specified radius
M is created for the opening operation of the input binary
image. The opening operation of input binary ripe tomato
image A by created flat disk-shaped structuring element B is
obtained by the erosion of A by B, followed by dilation of the
resulting image by B. The erosion operation can separate the
overlapping tomatoes by erode the edge of tomatoes. Then the
dilation is used to dilate the tomato’s size before the erosion
operation. Parameter M is the radius of structuring element,
which decide the erode area and dilate area size. Set a high
value of M can change whole binary image’s value to ’0’ . A
property value of M can be used to get the biggest connected
region. The iterate algorithm is proposed in Fig. 7 to get the
property value of M . In this strategy the biggest single ripe
tomato area is given. The results are shown as Fig. 8.
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Fig. 8. Flow diagram of single integrity ripe tomato extraction.

IV. EXPERIMENTAL RESULTS

To illustrate the effectiveness of proposed method for the
ripe tomato extraction. Hundreds tomato images are taken
in the green house to test the tomato extraction algorithm.
All the testify experiment are done using the MATLAB 7.0
and XP operation system in the laptop with 1GB RAM and
1.86G HZ Intel CPU. In order to get the average compute
consume time, all the input images size are adjust to 800*600.
In this experiment twenty tomato images are random chose
from the images database. The algorithm average calculate
time is 20.78100s. successful extract 19 images, failed one
image. Some typical challenge extraction result shown in Fig.
9 and Fig. 10. and the failure sample shown in Fig. 11.

(a) (b) (c)

Fig. 9. The tomato image with Overlapping. (a) The input image; (b) The
segmented tomato; (c) The extracted tomato.

(a) (b) (c)

Fig. 10. The tomato image with complex background. (a) The input image;
(b) The segmented tomato; (c) The extracted tomato.

(a) (b) (c)

Fig. 11. The failed extraction example. (a) The input image; (b) The
segmented tomato; (c) The extracted tomato.

V. CONCLUSION AND DISCUSSION

In this work, the ripe tomato extraction algorithm are
proposed based on the color clustering and mathematical
morphology method. The experimental results data proved the
proposed approach have an high performance in ripe tomato
extraction. there are only one failed extraction from the twenty
testify image samples. The conclusion can be drawn from
the extract results of Fig. 9 and Fig. 10. Even in the lighter
overlapping and complex background the proposed algorithm
still have a very strong robustness.

There are also have some drawback of this proposed ap-
proach for ripe tomato extraction. such as, the failed sample
shown as Fig. 11. The ripe tomato is just take litter part of the
image it result the wrong cluster segmentation for the ripe
tomato. The ripe tomato detective should be researched to
make sure there always have the proper ripe tomato in the
input images. Another import issue is the calculate consume
problem, although the high performance computer can help to
reduce the calculate time. But optimize the extraction approach
is still the important work for the future research.

VI. ACKNOWLEDGMENT

This work is supported by Ontario Centres of Excellence.

REFERENCES

[1] C. E. Schertz and G. K. Brown, “Basic considerations in mechanizing
citrus harvest,” Transactions of the ASAE, vol. 11, pp. 343–348, 1968.

[2] M. Monta, N. Kondo and T. Fujiura, “Fruit harvesting robots in japan,”
Advances in Space Research, vol. 18, pp. 181–184, 1996.

[3] O. Sakaue and S. Hayashi, “Basic considerations in mechanizing citrus
harvest,” in Annual International Meeting. ASAE, pp. 963–967, 1996.

[4] N. Kondo and S. Arima, “Cucumber harvesting robot and plant training
system,” Journal of Robotics and Mechatronics, vol. 11, pp. 208–212,
1999.

[5] E. J. Van Henten, J. Hemming, B. A. j. Van Tuijl, J. G. Kornet and
J. Bontsema, “Collision-free motion planning for a cucumber picking
robot,” Biosystems Engineering, vol. 86, pp. 135–144, Oct. 2003.

[6] D. L. Pham, C. Xu and J. L. Prince, “Current methods in medical image
segmentation,” Annual Review of Biomedical Engineering, vol. 2, pp.
315-337, 2000.

[7] J. Im, J. R. Jensen and J. A. Tullis, “Object-based change detection
using correlation image analysis and image segmentation,” International
Journal of Remote Sensing, vol. 29, pp. 399-423, 2008.

[8] O. L. Vovk, “A new approach to visual similar image colors extraction,”
Journal of Automation and Information Sciences, vol. 6, pp. 100–105,
2006.

[9] M. Brejl and M. Sonka, “Object localization and border detection
criteria design in edge-based image segmentation: automated learning
from examples,” IEEE Transactions on Medical Imaging, vol. 19, pp.
100–105, 2000.

[10] M. D. Fairchild, “Color and image appearance models,” Color
Appearance Models, pp. 340-399, 2008.

3067



[11] G. Hoffmann, “Formulas from ’RGB’ to CIELab,” CIELab Color space,
pp. 4-9, 2008.

[12] A. M. Fatih and E. Okan, “The performance factors of clustering
ensembles,” in Signal Processing, Communication and Applications
Conference. IEEE, pp. 1-4, Apr. 2008.

[13] E. Aptoula and S. Lefvre, “A comparative study on multivariate
mathematical morphology,” Pattern Recognition, vol. 40, pp. 2914–2929,
2007.

[14] L. Vincent, “Morphological gray scale reconstruction in image analysis:
applications and efficient algorithms,” IEEE Transactions on Image
Processing, vol. 2, pp. 176–201, 2002.

3068



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.6
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Recommended"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


