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Abstract— In this paper a recurrent neurofuzzy model is 
proposed, for time series anomaly detection. ReFuzzTiD 
comprises fuzzy rules whose consequent parts are simple three-
layer neural networks with internal feedback at the neurons of the 
hidden layer. ReFuzzTid is trained by the Simulated Annealing 
Dynamic Resilient Propagation algorithm. The model learns the 
dynamics of the time series such that it can classify them by 
detecting the anomaly points. A comparative analysis with a series 
of time series anomaly detection models is given, highlighting the 
characteristics of the proposed detector.   

Keywords— time series anomaly detection, neurofuzzy model, 
recurrent neural network, internal feedback 

I. INTRODUCTION 

Time series data have been gaining increasing attention 
during the last years since there exist in many sectors of 
everyday life, like healthcare, recreation, traveling and logistics. 
Stemming from the fact that we are living the big data era, a lot 
of companies are investing on data mining in order to improve 
services and maximize their profits. These time series are 
characterized by periodicity, seasonality, trend and irregularity, 
therefore the detection of point anomalies is quite a difficult 
task. 

Several techniques have been proposed in literature, varying 
from probabilistic and statistical models to computational 
intelligence techniques. Statistical ARMA, ARIMA and 
ARMAX models are widely used, exhibiting the advantage of 
low-cost implementation. An ARIMA model was presented in 
[1] for detecting anomalies in wireless sensor networks for 
traffic control. Breunig, Kriegel, Ng and Sander proposed LOF 
(Local Outlier Factor, [2]) for local density-based anomaly 
detection, which was followed by an improved version named 
COF (Connectivity based Outlier Factor, [3]). Isolation forest 
(iForest, [4]) is an effective model based anomaly detection 
technique, which aims at separating an anomalous instance from 
normal instances by randomly partitioning a tree and randomly 
selecting the features. One Class Support Vector Machine 
(OCSVM) constituted the basis for many applications and 
variants [5]. Additionally, companies like Yahoo have made 
advances in the field, releasing tools such as EGADS [6], where 
a two-stage system is used: a time series modeling module that 
provides an expected value at a time point, followed by an 

anomaly detection module that inputs the expected value and 
outputs most probable anomalies.  

During the last decade, computational intelligence has 
contributed to the field of time series analysis, providing very 
promising results. Long Short Term Memory networks, either 
standalone [7] or in co-operation with recurrent neural networks 
[8], work as predictive models for anomaly detection. Deep 
learning-based systems were recently proposed as time series 
anomaly detectors; in [9] a deep neural network in combination 
with wavelet and Hilbert transform is introduced, while in [10] 
a convolutional neural network is employed for detecting time 
series anomalies in an unsupervised or semi-supervised manner. 
Very recently, a fuzzy neural network was proposed for 
detection of anomalies in large-scale cyberattacks [11]. 

In view of the above, ReFuzzTiD (Recurrent Fuzzy Time-
Series Detector) is proposed for time series anomaly detection. 
The fuzzy rule base employs rules with consequent parts that are 
three-layer neural networks, where recurrence is introduced by 
feeding back the outputs of the neurons of the hidden layer 
locally. ReFuzzTiD aims at learning the dynamics of time series 
and at being able to detect the anomalous points. The training 
process is conducted by use of Simulated Annealing Dynamic 
Resilient Propagation (SA-DRPROP), a method designed 
specifically for recurrent structures that alleviates the 
disadvantages of standard gradient-based methods. In order to 
reduce the dimensionality of the input space, data are 
preprocessed by employing Principal Component Analysis 
(PCA). ReFuzzTiD does not have the structural complexity of 
other computational intelligence-based approaches and requires 
a reduced number of data points (only 40% of time series data 
are used as training data). 

The rest of the paper is organized as follows: In Section II 
the architecture of ReFuzzTiD is described and its particular 
features are discussed. The structure and the most important 
features of the learning algorithm are illustrated in section III. 
Section IV hosts the simulation analysis, where two benchmark 
problems, including multivariate time series with different 
percentages of anomaly, are given. Fuzzy models resulted from 
grid partition of the input space as well as from the application 
of fuzzy C-means algorithm are examined. A comparative 
analysis is also conducted, including well-established previous 
approaches. From these tests it becomes evident that ReFuzzTiD 
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is a promising detector, since it exhibits a very efficient 
detection performance, similar or superior to those of its 
competing rivals, while its structure is rather moderate. This 
detection efficiency can be attributed to the ability of internal 
feedback connections to capture the dynamics of time series. 
The concluding remarks are given in Section V. 

II. THE ARCHITECTURE OF REFUZZTID 

The neurofuzzy model employed in this work was 
introduced in [12] and consists of fuzzy rules whose consequent 
parts are small recurrent neural networks. For the sake of 
simplicity, let us consider an m-input-single-output system, 
which consists of fuzzy rules in the form: 

 1 1   is   AND ... AND   is  

 ( )
m mIF x (n) A x (n) A

THEN q(n) q (n)= x
 (1) 

where 1 2( ) [ , ,..., ]T
mn x x x=x  is the input vector, n represents the 

datum index and jA  are the fuzzy sets of the particular rule. In 

a typical Takagi-Sugeno-Kang fuzzy rule [13], the output of the 
rule is a linear function of the inputs. In general, the rule output 
can be any continuous and derivable nonlinear function. In the 
present case, the following structural characteristics of the 
model are as follows: 

• The premise and defuzzification parts are described by 

 ( ) ( ( );  , )l l ln f nμμ = x m σ  (2a) 

 1 1( ) ( ( ),..., ( ), ( ),..., ( ))y R Rq n f n n q n q nμ μ=  (2b) 

with R being the number of rules and ( )l nμ  being the firing 
strength of the l-th rule. This two parts are static. The premise 
parameter vectors are 1[ ,..., ]m T

l l lmm m=  and  

1[ ,..., ]T
l l lmσ σ=σ . The fuzzy sets are selected to be Gaussian 

membership functions: 
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• The degree of fulfillment of each rule is the algebraic 
product of the membership functions of the fuzzy sets that form 
the rule. 

• The defuzzified output of output of ReFuzzTiD is 
extracted employing the weighted average: 
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• The consequent parts are internally recurrent, since 
( )q (n)x  is implemented by a three-layer recurrent neural 

network in the form of m–Hd–1. The network has two static 
layers: a linear input layer and a typical neuron at the output 
layer. The hidden layer consists of neurons with local output 
unit feedback, as shown in Fig. 1. There is no feedback 
connections of the fuzzy rule’s output or external feedback 
from the model’s output.  

 
Fig. 1. Configuration of the consequent part of the fuzzy rule. 

The consequent part of the k-th fuzzy rule operates using the 
following equations: 
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where the following notation is used: 

• f is the activation function of the neurons. It is 
implemented by the chosen to be the hyperbolic tangent 

z z

z z
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e e

−

−

−
+
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• ( )kis n  is the output of the i-th hidden neuron of the k-th 
rule at time n. 

• ( )kq n  is the output of the k-th fuzzy rule. 

• (1)
kijw , (2)

kiw  and (3)
kiw  are the synaptic weights and the 

bias terms, respectively, at the hidden layer of the fuzzy 
rules. 



• (4)
kjw  and (5)

kw  are the synaptic weights and the bias 

terms, respectively, at the output layer of the fuzzy rules. 

In order to classify ReFuzzTiD as a recurrent neurofuzzy 
model, the recurrent neurofuzzy models that exist in literature 
[14], [15], could fall into four categories: 

(a) Schemes with external feedback schemes, where the 
inputs are fed with delayed values of the system’s outputs [16]. 

(b) Systems where the rules have dynamic premise parts 
[17]. There is feedback either at the membership functions, or 
at the degrees of fulfillment. 

(c) Models where the consequent parts of the fuzzy rules 
have feedback connections [18]. 

(d) Mixed schemes, where cascaded modules belonging to 
category (b) have feedback connections as well [19]. 

The present model belongs to the third class, and it was 
selected due to the fact that it preserves the local learning 
character of the classic TSK model, since the recurrent neural 
networks at the consequent parts of the fuzzy rules can be 
considered as subsystems that are fuzzily interconnected 
through the fuzzy rules and the defuzzification part. There is no 
link in time between the rules, since the networks are locally 
recurrent. At each rule the premise part sets the operating region 
and the recurrent neural network aims to track the dynamics of 
the internal states of unknown system within each region. It 
should be noted that the recurrent networks intrinsically 
cooperate, since the regions are defined in a fuzzy way, 
therefore usually more than one rules contribute to input-output 
mapping at each data point. 

The advantages of local output feedback were highlighted 
in [18] and [20], where this kind of feedback exhibited 
improved identification characteristics compared to dynamic 
elements that have local synapse feedback or external feedback. 
The system in [18], DFNN, shares the same underlying 
philosophy with ReFuzzTiD, as far as internal feedback at the 
consequent part of the fuzzy rules is concerned. However, it has 
highly complex consequent parts, that comprise neural 
networks with Finite Impulse Response and Infinite Impulse 
Response synapses at the hidden layer as well as at the output 
layer. As shown in [12], a simple recurrent structure to the 
consequent part of the fuzzy rules can perform very efficiently 
with a significantly lower computational burden. 

III. THE TRAINING ALGORITHM 

The proposed detector is a recurrent model, therefore the 
training algorithm should be able to handle the time 
dependencies that the feedback loops create. In order to do so, 
the Simulated Annealing Dynamic Resilient Propagation (SA-
DRPROP, [21]) is employed, since it improves the learning 
abilities of the standard gradient-based learning methods, by 
efficiently handling the problem of trapping to local minima 
and by searching a broader weight space. Based on RPROP [22] 
and SARPROP [23], which were designed for static neural 
networks, SA-DRPROP is briefly discussed in the sequel: 

Let us consider a training data set of P input–output data 

and let 
( )

i

E t

w

∂
∂

+

, 
( 1)

i

E t

w

∂
∂

+ −
 be the partial derivatives of an 

error function E with respect to a model’s adaptive weight iw  
at the present and the previous iterations, respectively. In SA-
DRPROP each weight has its own update step size. During the 
learning process, the adjustments of the step sizes is based on 
the sign of the respective derivative at the current and the 
previous iterations. Therefore, the size of the parameter 
gradient does not have any effect on the adaptation process, 
since the temporal behavior of the gradient only matters. SA-
DRPROP can be implemented according to the following 
pseudo-code: 

(a)   For every weight iw  initialize the step sizes (1)
0iΔ = Δ  

Repeat 

(b) For every weight iw  compute the SA-DRPROP error 

gradient:  1 2

( )

1
i

i i

wE t
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w w

∂
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+

− ⋅ ⋅
+

 

(c) For each weight iw , update step sizes: 

            (c.1)  If 
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0
i i
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            (c.2)  Else if 
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0
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           Then 

                         If  ( ) 2
2( )t

i a SAΔ < ⋅  

              Then 

                            { }( ) ( 1) 2
minmax 0.8 ,t t

i i r SAη − −Δ = ⋅ Δ ⋅ ⋅ ⋅ Δ  

                         Else  { }( ) ( 1)
minmax ,t t

i iη − −Δ = ⋅ Δ Δ  

            (c.3)  Else ( ) ( 1)t t
i i

−Δ = Δ  

(d) Update weights iw : ( )( )
( ) t

i i
i

E t
w t sign

w

+ ∂Δ = − ⋅Δ ∂ 
 

Until convergence 

The step sizes are bounded by min max,Δ Δ  and the increase 

and attenuation factors [ ]1.05,  1.3n+ ∈  and [ ]0.5,  0.9n− ∈ , 

respectively. 

As far as the simulated annealing parameters are concerned, 
2 k TempSA − ⋅=  (Temp is the temperature), r takes random values 

within [0, 1], while 1a  is set to a small number (e.g. 0.01) and 

2a  is set around 0.5 (e.g. 0.4). 



In SA-DRPROP the notion of simulated annealing is 
implemented at steps (b) and (c): noise is added to the weight 
update values when there are two successive changes to the sign 
of the error gradient, and the magnitude of the update value is 
less than a threshold, which is proportional to the SA term. 
Therefore, the adaptation process is moderately affected, since 
the modification of the weight update by noise takes place only 
when the weight is threatened to fall to a local minimum, thus 
allowing the weight to overcome this minimum. 

In (b) a weight decay term, which modifies the error surface, 
is added to the error gradient. In this way, in the beginning of 
the learning process weights with lower values are favored. As 
training proceeds, this decay term diminishes in order to allow 
the increase of bigger weights, leading to the exploration of 
error surface that were previously unavailable. 

The error gradients are extracted as follows: 

• The premise parts and the output layer of the consequent 
parts of the fuzzy rules is static, therefore the gradients of the 

error function with respect to ijm , ijσ , (4)
kjw  and (5)

kw  are 

derived by use the classic chain rule, using standard partial 
derivatives: 
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with ( , )f n k′  being the derivative of ( )kq n , with respect to its 
arguments. 

• Since there are feedback connections at the hidden layer 
of the consequent parts of the fuzzy rules, ordered derivatives 
[24] are necessary for the extraction of the error gradients with 
respect to the weights of the hidden layer’s neurons: 
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The aforementioned Lagrange multipliers facilitate the 
calculation of the error gradients [25]. ( , , )f n k i′  is the 

derivative of ( )lix k  with respect to its arguments. Equation (8) 
is a backward difference equation: first the boundary conditions 
in (9) for n P=  are calculated, and then they are solved in a 
backward manner for . 

IV. SIMULATION RESULTS 

A. Experimental setup and ReFuzzTiD’s features 

The proposed detector is applied to two well-known 
anomaly detection problems: Mammography and Pima. The 
multivariate datasets are available at UCI Machine Learning 
Repository [26] and OpenML [27]. As mentioned in [4] and 
[14], they contain known anomaly cases as ground truth. 
Moreover, they are selected due to the fact that Mammography 
has a rather low anomaly percentage of 2%, while Pima has a 
high percentage of approximately 35%. Thus, ReFuzzTiD will 
be tested in time series with different characteristics.   

All nominal and binary attributes are removed and the data 
sets for evaluation contain continuous values. Mammography 
data set has six features and anomalous are considered to be all 
the data instances that belong to class. In the case of Pima, which 
is an eight-feature diabetes data set, collected at the National 
Institute of diabetes and digestive and kidney diseases, the data 
instances that belong to class “pos” are classified as anomalous. 
The label “pos” corresponds to patients suffering from diabetes. 

We are using only 40% of each time series as training set and 
the rest 60% of the data set as test set. k-fold cross validation is 
applied (k = 5) and training lasts for 1000 epochs. A 
preprocessing stage is set, in order to reduce the input space and, 
thus, the model’s complexity. Principal component analysis is 
carried out, reducing the input vector by 1/3 for the case of 
Mammography (from 6 to 4). For the Pima case the reduction is 
even greater, since for the first three principal components the 
proportion of explained variance is greater than 97%. 

1,...,1n P= −



Consequently the resulting ReFuzzTiD are four input–one 
output and three input–one output fuzzy systems for 
Mammography and Pima, respectively. The output threshold for 
normal / abnormal data points is set to 0.5 for both problems, 
since our intention is to have a common framework, regardless 
of the nature of the problem in hand. In this perspective, both 
ReFuzzTiDs have hidden layers comprising 6 neurons and are 
trained by the same parameter set, hosted in Table Ι. 

 

TABLE I.  LEARNING PARAMETERS 

Temp n+  n−  Δmin Δmax Δ0 a1 a2 

1.2 1.05 0.5 1E-4 0.5 1E-2 0.01 0.4 

The performance of ReFuzzTiD is evaluated by use of the 
following metrics: 

• The Root Mean Squared Error, which is also the error 
function employed in the extraction of the error gradient. 

 2

1

1
ˆ[ ( ) ( )]

P

n

RMSE y n y n
P =

= −   (10) 

with ( )y k  and ˆ( )y k  being the output of ReFuzzTiD and the 
actual datum, respectively, for the n-th sample. P is the number 
of samples. It should be noted that the value of the RMSE does 
not always represent good classification results and is used in 
co-operation with other criteria. This metric evaluates the 
modelling capabilities of the proposed system, i.e. it measures 
in a quadratic manner the discrepancy between the actual data 
series and the one produced by ReFuzzTiD. 

• The average Fscore, defined as 

   
2

  score

Precision Recall
F

Precision Recall

−= ⋅
+

  (10) 

where 

 
  

True Positive
Precision

True Positive False Positive
=

+
  (11a) 

 
  

True Positive
Recall

True Positive False Negative
=

+
  (11b) 

• AUC (area under the ROC curve), which represents the 
degree of separability of normal from abnormal time series. 

B. Evaluation of ReFuzzTiD 

Two ways of input space partition and determination of the 
number of fuzzy rules are examined: (a) grid partition with two 
fuzzy sets assigned to each input axis. The membership 
functions of the fuzzy sets are overlapped at membership value 
equal to 0.35. (b) Application of Fuzzy C-means [28], where the 
standard deviations of the fuzzy sets are derived as stated in [29]. 

The initial and final membership functions for the case of 
Mammography are displayed in Fig. 2, where grid partition has 

been conducted. A severe change of the fuzzy sets for the first 
input and mild changes for the rest three inputs are noticed, in 
order to cover the parts of the input space where most of the data 
are concentrated. 

The performance of ReFuzzTiD with respect to the testing 
data sets is hosted in Table II. For the case of Mammography, 
grid partition and FCM has provided practically the same 
detection results, while FCM with a significantly reduced 
number of rules performed very efficiently as well. Two models 
resulted from FCM are reported, in order to point out the fact 
that FCM can provide economical models.  

As far as Pima is concerned, both models performed 
similarly for a small number of fuzzy rules, while the 16-rule 
model performed superiorly, leading to the conclusion that this 
kind of time series with high percentage of anomaly requires a 
detector of increased complexity. 
 

Fig. 2. Grid partition for the case of Mammography. 

TABLE II.  PERFORMANCE OF REFUZZTID (TESTING DATA) 

Input 
Partition 

Mammography Pima 

RMSE Fscore AUC RMSE Fscore AUC 

Grid 0.063 
16 rules

0.90 
16 rules

0.94 
16 rules 

0.444 
8 rules 

0.55 
8 rules

0.67 
8 rules

FCM 0.072 
10 rules 

0.83 
10 rules 

0.92 
10 rules 

0.456 
6 rules 

0.57 
6 rules

0.68 
6 rules

FCM 0.071 
16 rules 

0.89 
16 rules 

0.93 
16 rules 

0.436 
16 rules 

0.60 
16 rules

0.70 
16 rules

 

 
(a) Initial membership functions 

 

 
(b) Final membership functions 



In order to have a visual representation of the detector’s 
performance, a part of 3500 samples of a time series, along the 
output of ReFuzzTiD are depicted in Fig. 3a (the actual time 
series is plotted in solid line and the model’s output in dotted 
line). It is clear that the neurofuzzy model is capable of tracking 
the time series, thus identifying the anomalous points. The 
output after the threshold is shown in Fig. 3b. As it can be seen, 
for this part of the time series the two data series are 
indistinguishable, with the exception of false positive (marked 
with an arrow).  

 

Fig. 3. ReFuzzTiD output for the case of Mammography. 

C. Comparison with previous works 

Three well-known methods and a recent deep learning-based 
approach are used as competing rivals. In particular, iForest [4], 
OCSVM [5], LOF [2] and DeepAnT [10], are applied to the 
problems of Mammography and Pima. Moreover, DFNN [17] is 
included to the pool of comparing methods, since it constitutes 
a system that shares the same underlying philosophy with 
ReFuzzTiD, but is far more complex. 

The model-based methods (iForest, OCSVM, DeepAnT and 
DFNN) use 40% of the actual data for training and the rest for 
testing. As far as the other parameters are concerned, the 
selections made in [10] are adopted. The learning parameters of 
DFNN are taken from [17], while two structures are reported: 
(a) unit delay at both the IIR and FIR synapses (DFNN1) and (b) 
unit delay for the FIR synapses and a delay of two time steps for 

the IIR synapses (DFNN2). The results in terms of AUC are 
hosted in Table III.  

From Table III it becomes evident that ReFuzzTiD compares 
very favorably. For the case of Mammogrpahy, DeepAnT 
outperforms the competing rivals, followed by DFNN and 
ReFuzzTid. However, the proposed model attains a relatively 
high AUC value, while having quite a reduced complexity. As 
far as Pima is concerned, ReFuzzTiD clearly performs 
superiorly, with DFNN being second, leading to the conclusion 
that the high percentage of anomaly and the demanding temporal 
relations of the time series require models that could efficiently 
identify these dynamics. 

TABLE III.  COMPARATIVE PERFORMANCE EVALUATION (AUC) 

Method Mammography Pima 

iForest 0.85 0.40 

OCSVM 0.89 0.26 

LOF 0.72 0.48 

DeepAnT 0.99 0.31 

DFNN1 0.93 0.62 

DFNN2 0.94 0.61 

ReFuzzTiD 0.93 0.70 
   

V. CONCLUSIONS 

A dynamic neurofuzzy model for time series anomaly 
detection has been proposed. ReFuzzTiD is a system with fuzzy 
rules with nonlinear consequent parts, since small recurrent 
neural networks with local output feedback provide the rule 
outputs. Training is performed via a hybrid algorithm, which 
combines a gradient-based method with simulated annealing. 
The detector has been tested on multivariate time series with 
different percentages of anomaly, exhibiting a very efficient 
detection performance, compared to a series of existing 
detectors. Moreover, ReFuzzTiD has a moderate model 
structure, since the existence of internal feedback connections 
are capable of capturing the dynamics of time series. As far as 
future work is concerned, structure learning and parameter 
tuning by use of genetic algorithms are two steps towards a 
fully automated model building process.  

ACKNOWLEDGMENT 

This work was supported in part by the Research Committee 
of University of West Attica.  

REFERENCES 
[1] Q. Yu, L. Jibin, and L. Jiang, “An improved ARIMA-based traffic 

anomaly detection algorithm for wireless sensor networks,” Int. J. Distrib. 
Sensor Networks, vol. 12, 2016. 

[2] M. Breunig, H.-P. Kriegel, R. Ng, J. Sander, “LOF: Identifying density-
based local outliers.” Proc. ACM SIGMOD Int. Conf. Management of 
Data, vol. 29, pp. 93-104, 2000. 

[3] J. Tang, Z. Chen, A. Fu, and D. Cheung, “Enhancing effectiveness of 
outlier detections for low density patterns,” in Advances in Knowledge 
Discovery and Data Mining, Berlin: Springer, 2002, pp. 535-548. 

[4] F. Liu, K. Ting, and Z.-H. Zhou, “Isolation forest,” Proc. 8th IEEE Int. 
Conf. Data Mining, pp. 413-422, 2008. 

 
(a) 

 

 
(b) 



[5] B. Schölkopf, J. Platt, J. Shawe-Taylor, A. Smola, and R. Williamson, 
“Estimating the support of a high-dimensional distribution,” Neural. 
Comput., vol. 13, pp. 1443-1471, 2001. 

[6] N. Laptev, S. Amizadeh, and I. Flint, “Generic and scalable framework 
for automated time-series anomaly detection,” Proc. 21st ACM SIGKDD 
Int. Conf. Knowledge Discovery & Data  Mining, pp. 1939-1947, 2015. 

[7] P. Malhotra, L. Vig, G. Shroff, and P. Agarwal, “Long short term memory 
networks for anomaly detection in time series, Proc. Eur. Symp. Artif. 
Neural Networks”, vol. 23, pp. 89-94, 2015.  

[8] Z. Lipton, D. Kale, C. Elkan, and R. Wetzell, “Learning to diagnose with 
LSTM recurrent neural networks,” Proc. Int. Conf. Learning 
Representations, 2016. 

[9] S. Kanarachos, S.-R. Christopoulos, A. Chroneos, and M. Fitzpatrick, 
“Detecting anomalies in time series data via a deep learning approach 
combining wavelets, neural networks and Hilbert Transform,” Expert 
Syst. Appl., vol. 85, pp. 292-304, Nov. 2017. 

[10] P. Souza, A. Guimaraes, T. Rezende, V. Araujo, V. Araujo, “Detection of 
anomalies in large-scale cyberattacks using neural networks,” MDPI AI, 
vol. 1, pp. 92-116, 2020. 

[11] M. Munir, S. Siddiqui, A. Dengel, and S. Ahmed, “DeepANT: A deep 
learning approach for unsupervised anomaly detection in time series,” 
IEEE Access, vol. 7, pp. 1991–2005, 2019. 

[12] P. Mastorocostas, and C. Hilas, “ReNFFor: a recurrent neurofuzzy 
forecaster for telecommunications data,” Neural Comp. & Appl., vol. 22, 
pp. 1727-1734, 2013. 

[13] T. Takagi, and M. Sugeno, “Fuzzy identification of systems and its 
applications to modeling and control,” IEEE Trans. Syst., Man, and 
Cybern., vol. 15, pp. 116–132, Jan.-Feb. 1985. 

[14] K. Shihabudheen, and G. Pillai, “Recent advances in neuro-fuzzy system: 
a survey,” Knowledge-Based Syst., vol. 152, pp. 136-162, 2018. 

[15] V. Ojha, A. Abraham, and V. Snasel, “Heuristic design of fuzzy inference 
systems: A review of three decades of research,” Eng. Appl. of Art. Int., 
vol. 85, pp. 845-864, 2019. 

[16] S. Jassar, Z. Liao, and L. Zhao, “A recurrent neuro-fuzzy system and its 
application in inferential sensing,” Applied Soft Comp., vol. 11, pp. 2935-
2945, 2011. 

[17] C.-F. Juang, Y.-Y. Lin, C.-C. Tu, “A recurrent self-evolving fuzzy neural 
network with local feedbacks and its application to dynamic system 
processing,” Fuzzy Sets & Syst., vol. 161, pp. 2552-2568, 2010. 

[18] P. Mastorocostas, and J. Theocharis, “A recurrent fuzzy neural model for 
dynamic system identification,” IEEE Trans. Syst., Man, and Cybern. – 
Part B, vol. 32, pp. 176-190, Apr. 2002. 

[19] D. Stavrakoudis, and J. Theocharis, “Pipelined recurrent fuzzy networks 
for nonlinear adaptive speech prediction,” IEEE Trans. Syst., Man, and 
Cybern. – Part B, vol. 37, pp. 1305-1320, Oct. 2007. 

[20] A. Tsoi, and A. Back, “Locally recurrent globally feedforward networks: 
a critical review of architectures,” IEEE Trans. Naural Networks, vol. 5, 
pp. 229–239, March 1994. 

[21] P. Mastorocostas, and Ι. Rekanos, “Simulated annealing dynamic RPROP 
for training recurrent fuzzy systems,” Proc.14th IEEE Int. Conf. Fuzzy 
Systems, pp. 1086-1091, 2005. 

[22] M. Riedmiller, and H. Braun, “A direct adaptive method for faster 
backpropagation learning: the RPROP algorithm,” Proc. IEEE Int. Joint 
Conf. Neural Networks, pp. 586-591, 1993. 

[23] N. Treadgold, and T. Gedeon, “Simulated annealing and weight decay in 
adaptive learning: the SARPROP algorithm,” IEEE Trans. Neural 
Networks, vol. 9, pp. 662-668, July 1998. 

[24] P. Werbos, Beyond Regression: New Tools for Prediction and Analysis 
in the Behavioral Sciences. Ph.D. Thesis, Harvard University, 1974. 

[25] S. Piche, “Steepest descent algorithms for neural network controllers and 
filters,” IEEE Trans. Neural Networks, vol. 5: pp. 198-212, March 1994. 

[26] https://archive.ics.uci.edu/ml/datasets/Diabetes. 

[27] https://www.openml.org/d/310. 

[28] J. Besdek, R. Ehrlich, W. Full, “FCM: the fuzzy c-means clustering 
algorithm,” Comp. & Geosc., vol. 10, pp. 191-203, 1984. 

[29] T. Zhou, F.-L. Chung, and S. Wang, “Deep TSK fuzzy classifier with 
stacked generalization and triplely concise interpretability guarantee for 
large data,” IEEE Trans. Fuzzy Systems, vol. 25, pp. 1207–1221, Oct. 
2017.

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /Cmb10
    /CMB10
    /Cmbsy10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /Cmbx10
    /CMBX10
    /Cmbx12
    /CMBX12
    /Cmbx5
    /CMBX5
    /Cmbx6
    /CMBX6
    /Cmbx7
    /CMBX7
    /Cmbx8
    /CMBX8
    /Cmbx9
    /CMBX9
    /Cmbxsl10
    /CMBXSL10
    /Cmbxti10
    /CMBXTI10
    /Cmcsc10
    /CMCSC10
    /Cmcsc8
    /CMCSC8
    /Cmcsc9
    /CMCSC9
    /Cmdunh10
    /CMDUNH10
    /Cmex10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /Cmff10
    /CMFF10
    /Cmfi10
    /CMFI10
    /Cmfib8
    /CMFIB8
    /Cminch
    /CMINCH
    /Cmitt10
    /CMITT10
    /Cmmi10
    /CMMI10
    /Cmmi12
    /CMMI12
    /Cmmi5
    /CMMI5
    /Cmmi6
    /CMMI6
    /Cmmi7
    /CMMI7
    /Cmmi8
    /CMMI8
    /Cmmi9
    /CMMI9
    /Cmmib10
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /Cmr10
    /CMR10
    /Cmr12
    /CMR12
    /Cmr17
    /CMR17
    /Cmr5
    /CMR5
    /Cmr6
    /CMR6
    /Cmr7
    /CMR7
    /Cmr8
    /CMR8
    /Cmr9
    /CMR9
    /Cmsl10
    /CMSL10
    /Cmsl12
    /CMSL12
    /Cmsl8
    /CMSL8
    /Cmsl9
    /CMSL9
    /Cmsltt10
    /CMSLTT10
    /Cmss10
    /CMSS10
    /Cmss12
    /CMSS12
    /Cmss17
    /CMSS17
    /Cmss8
    /CMSS8
    /Cmss9
    /CMSS9
    /Cmssbx10
    /CMSSBX10
    /Cmssdc10
    /CMSSDC10
    /Cmssi10
    /CMSSI10
    /Cmssi12
    /CMSSI12
    /Cmssi17
    /CMSSI17
    /Cmssi8
    /CMSSI8
    /Cmssi9
    /CMSSI9
    /Cmssq8
    /CMSSQ8
    /Cmssqi8
    /CMSSQI8
    /Cmsy10
    /CMSY10
    /Cmsy5
    /CMSY5
    /Cmsy6
    /CMSY6
    /Cmsy7
    /CMSY7
    /Cmsy8
    /CMSY8
    /Cmsy9
    /CMSY9
    /Cmtcsc10
    /CMTCSC10
    /Cmtex10
    /CMTEX10
    /Cmtex8
    /CMTEX8
    /Cmtex9
    /CMTEX9
    /Cmti10
    /CMTI10
    /Cmti12
    /CMTI12
    /Cmti7
    /CMTI7
    /Cmti8
    /CMTI8
    /Cmti9
    /CMTI9
    /Cmtt10
    /CMTT10
    /Cmtt12
    /CMTT12
    /Cmtt8
    /CMTT8
    /Cmtt9
    /CMTT9
    /Cmu10
    /CMU10
    /Cmvtt10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /DoulosSIL
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KristenITC-Regular
    /KrutiDev040Bold
    /KrutiDev040BoldItalic
    /KrutiDev040Condensed
    /KrutiDev040Italic
    /KrutiDev040Thin
    /KrutiDev040Wide
    /KrutiDev060
    /KrutiDev060Bold
    /KrutiDev060BoldItalic
    /KrutiDev060Condensed
    /KrutiDev060Italic
    /KrutiDev060Thin
    /KrutiDev060Wide
    /KrutiDev070
    /KrutiDev070Condensed
    /KrutiDev070Italic
    /KrutiDev070Thin
    /KrutiDev070Wide
    /KrutiDev080
    /KrutiDev080Condensed
    /KrutiDev080Italic
    /KrutiDev080Wide
    /KrutiDev090
    /KrutiDev090Bold
    /KrutiDev090BoldItalic
    /KrutiDev090Condensed
    /KrutiDev090Italic
    /KrutiDev090Thin
    /KrutiDev090Wide
    /KrutiDev100
    /KrutiDev100Bold
    /KrutiDev100BoldItalic
    /KrutiDev100Condensed
    /KrutiDev100Italic
    /KrutiDev100Thin
    /KrutiDev100Wide
    /KrutiDev120
    /KrutiDev120Condensed
    /KrutiDev120Thin
    /KrutiDev120Wide
    /KrutiDev130
    /KrutiDev130Condensed
    /KrutiDev130Thin
    /KrutiDev130Wide
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MTExtraTiger
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SILDoulosIPA
    /SimHei
    /SimSun
    /SimSun-PUA
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /SymbolTiger
    /SymbolTigerExpert
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Tiger
    /TigerExpert
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata pogodnih za pouzdani prikaz i ispis poslovnih dokumenata koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice




